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  Abstract
The integration of artificial intelligence (AI) in higher education (HE) presents 
both opportunities and challenges to teaching and learning efforts. This pilot 
study investigates the experiences of HE learners toward generative AI (genAI) 
at a Canadian polytechnic, focusing on early childhood education (n = 66) and 
nursing (n = 112) students. Employing a survey methodology, the study utilized an 
adapted version of the San Diego State University Student AI Survey (Goldberg et 
al., 2024a). Results revealed limited AI engagement, with low confidence in using 
genAI and a lack of awareness related to AI developments. Significant differences 
emerged across several of the survey subscales, with effect sizes ranging from 
small to large. Overall, findings highlight substantial gaps in AI literacy and 
understanding of its ethical use, underscoring the need for targeted education, 
curriculum integration, and institutional guidelines to support learners in informed 
and responsible AI use.

 Introduction
As artificial intelligence (AI) becomes increasingly integrated in higher education 
(HE), its influence on learners’ experiences continues to raise important questions. 
Emerging research indicates that AI technologies are transforming how learners 
interact with learning materials, instructors, and academic systems (Brodheim, 
2025; Wang et al., 2023). Instructor- and learner-focused literature and research 
continue to evolve, critically examining the multifaceted challenges posed by AI in HE. 
Central concerns include the equitable and inclusive integration of AI technologies, 
their impact on learning, and institutions’ preparedness of institutions to manage 
AI ethically and effectively. Additional emerging issues, such as learner overreliance 
on AI tools, raise questions about the authenticity of academic work and the erosion 
of genuine learning. The phenomenon of AI-giarism—the inappropriate use of AI to 
generate substantial portions of evaluative assignments has intensified instructors’ 
anxieties surrounding academic integrity, originality of work, and learner ethical 
engagement (Chan, 2023; Lund et al., 2025). Scholars further emphasize the 
importance of addressing the broader cultural and social dimensions of AI use in 
educational contexts, underscoring the ethical complexities that extend beyond the 
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dimensions of AI use and technology implementation (Bauer 
et al., 2025; Lund et al., 2025; Mrabet & Studholme, 2023; 
Sevnarayan & Potter, 2024; Wang et al., 2023). 

While instructor-focused concerns highlight the systemic 
challenges of AI in HE, it is equally important to be more 
aware of learners’ points of view on AI as we consider its 
successful utilization for their learning in HE (Zawacki-Richter 
et al., 2019). Moreover, this work responds directly to a noted 
gap in the literature; namely, the limited representation 
of learner voices in discussions about AI integration in 
HE. While existing scholarship has documented instructor 
concerns and institutional challenges, few studies examine 
how students themselves understand, experience, and 
navigate AI, specifically generative AI (genAI), in their 
academic experiences. By capturing learners’ perspectives, 
this study contributes essential insights that help balance 
instructor-centric discourse. In doing so, it provides a 
more comprehensive understanding of genAI’s ethical, 
pedagogical, and practical implications, supporting the 
development of evidence-informed strategies that better 
reflect and address student needs and realities within health 
programs. 

This article presents the findings of an adapted student 
survey (Goldberg et al., 2024a) designed to assess learners’ 
perspectives on genAI in several areas: awareness and 
understanding; experience and usage; perceptions and 
attitudes; skills, education, and training; and future 
expectations. This study aimed to examine the perspectives 
of nursing (n = 112) and early childhood education students 
(n = 66), currently enrolled at an urban polytechnic institution. 
The study was guided by the central research question: How 
do learners experience the use of genAI in their formal 
educational journey?

Literature Review
There is a growing body of research and literature examining 
the adoption of AI across education, with substantial 
agreement on its benefits for supporting learning. 
A consistent finding across studies is that AI-based 
adaptive learning systems and writing-support tools, like 
grammar and spelling editors, enhance learners’ writing, 
communication, and task completion (Crain et al., 2024; Priya 
& Vijayalakshmi, 2024). These tools are credited with helping 
create more inclusive educational environments by tailoring 
support to individual learner needs, improving accessibility, 

and addressing diverse learning styles (Strielkowski et al., 
2024).

However, the literature becomes more divided when 
addressing genAI tools. While some scholars acknowledge 
its potential to enhance learning, points of disagreement 
focus on the risks of overreliance. Several academics caution 
that defaulting to genAI, because of its ease of use and 
widespread availability, may undermine the development 
of essential human-centred skills such as critical thinking, 
empathy, and nuanced judgement (Bauer et al., 2025). 
Despite this, there is a broad consensus on the importance of 
integrating genAI in ways that improve educational outcomes 
while recognizing its limitations (Carmi, 2025; Contractor & 
Reyes, 2025).

Research focused on learners’ perspectives is still emerging 
but highlights the significant influence of genAI in HE. 
Learners widely believe that genAI will shape their future 
careers, with 79% in one study emphasizing the importance 
and need of understanding how genAI could be used 
effectively and ethically (Teng et al., 2022). Yet, students have 
also expressed concerns about inconsistent expectations 
among instructors, which may inadvertently contribute to 
academic integrity issues arising from misunderstandings 
about appropriate genAI use (Guillén-Yparrea & Hernández-
Rodriguez, 2024; Sevnarayan & Potter, 2024).

A recurring point of agreement across studies is the wide 
variability in students’ AI literacy. Teng et al. (2022) found that 
more than half of Canadian health studies students could 
not accurately define genAI, often holding misconceptions 
about is capabilities and reliability. Learners consistently 
expressed the need to deepen their understanding of genAI, 
especially its ethical implications. Similar patterns emerge 
internationally. In higher education (HE), Bangladeshi nursing 
students described genAI as a second brain that supports 
their clinical decision-making but also reported frustration 
with their genAI literacy, emphasizing the need for more 
intentional genAI-related learning opportunities in their 
programs (Rony et al., 2025). Further, although both learners 
and academic staff reported high familiarity with genAI in 
Aslhamy et al’s (2025) study, learners perceived greater 
benefits from genAI than their instructors did. This finding 
underscores the need for instructor development that keeps 
pace with learners’ evolving experiences. 
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Learners’ actual uses of genAI are increasingly diverse. 
Learners believe genAI can retrieve reliable resources and 
summarize complex information (Meakin, 2024), and many 
use it for information gathering, response generation, and 
self-improvement (Cavazos et al., 2025). However, Cavazos 
et al. (2025) also reported troubling patterns with nearly 
80% of learners using genAI to cheat on exams, prioritizing 
convenience over learning. Additional research shows 
discrepancies between learners’ preferences and genAI’s 
performance. Jayawardena et al (2024) found that dental 
students preferred feedback from human tutors, even though 
expert evaluations confirmed that AI provided more accurate 
and clearer feedback.

Differences between learner and educator experiences are 
also evident. In Saudi Arabia, nursing students reported 
using ChatGPT for studying (72.5%), assignments (55%), and 
research (45%), while educators used it more for research 
writing (55%), curriculum development, and student support 
(32.5%). Educators also expressed greater ethical concerns 
(73%) when compared to learners (67%) (Hashish et al., 
2025).

Demographic and disciplinary differences also shape 
AI use. Rajki et al. (2025) found that women reported AI 
illiteracy and lower genAI usage but a stronger willingness 
to use genAI in learning when compared to men. Students 
in humanities and social sciences reported greater genAI 
use than those in teacher education, and postgraduate 
students showed broader awareness and higher genAI usage 
than undergraduates. Cross-nationally, genAI confidence 
among Chinese students significantly improved creativity, 
self-efficacy, and learning performance, leading researchers 
to argue that HE institutions must expand access to genAI 
resources and treat AI literacy as a strategic institutional 
priority (Wang et al., 2023).

Collectively, this literature reflects a widespread international 
interest in genAI and acknowledges both its transformative 
potential and the ethical, pedagogical, and institutional 
challenges it raises. Although research on learners’ direct 
experiences with genAI is growing, scholars consistently 
emphasize the need for deeper investigation into how 
learners interact with these technologies and how institutions 
can respond (Zawacki-Richter et al., 2019).

Current Study Nursing and Childhood 
Education Students
This study aimed to examine the perspectives of nursing and 
early childhood education students (ECE) currently enrolled 
at an urban polytechnic institution. It is hoped that the 
research reported in this article will help contribute to our 
understanding of how students perceive and use genAI in 
their academic journeys. 

Guided by the central research question, ‘How do learners 
experience the use of generative artificial intelligence in 
their formal educational journey?’, this research aims to 
enrich the existing body of knowledge by exploring learners’ 
experiences with genAI in academic contexts. Understanding 
these perspectives is essential for informing strategies that 
enhance learning through the effective integration of genAI, 
particularly considering the rapidly evolving educational 
landscape.

Method
Study Design
The study employed a cross-sectional, survey-based research 
design utilizing a modified version of the San Diego State 
University Student AI Survey (SDSU AI Survey) to collect 
data (Goldberg et al., 2024b). The original SDSU AI Survey, 
which was first administered in Fall 2023 by the team at 
San Diego State University, has been completed by over 
20,000 participants to date, and has been revised to a 
fourth version. The instrument evaluated student responses 
across five subscales: awareness and comprehension of AI, 
prior experience and usage of AI technologies, perceptions 
and attitudes toward AI, AI-related skills and educational 
exposure, and expectations regarding the future impact of 
AI. Ethical approval for the study was obtained from the host 
institution’s Research Ethics Board.

Materials
The survey consisted of six demographic items: study status 
(full-time/part-time), study level (diploma/undergraduate 
degree), year of study (Year 1, 2, 3, 4+), specific program 
of study (i.e., nursing, early childhood education), age, and 
gender (see Table 1).

Demographic descriptive statistics were computed using 
SPSS, alongside subgroup comparisons conducted using 
non-parametric tests. Specifically, Wilcoxon tests were used 
for overall comparisons, with Mann-Whitney tests performed 
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 Table 1. Frequencies of Demographics
Table 1a. Study Status

Demographic item Frequency | Percentage 
Combined

Full-time 164 (92.1)
Part-time 12 (6.7)
Other* 2 (1.0)

Table 1b. Study Level

Demographic item Frequency | Percentage 
Combined

Diploma 92 (51.7)
Undergraduate degree 78 (43.8)
Other** 8 (4.4)

 Table 1c. Year of Study

Demographic item Frequency | Percentage 
Combined

Year 1 79 (44.4)
Year 2 50 (28.1)
Year 3 30 (16.9)
Year 4+ 19 (10.7)

Table 1d. Specific Type of Study

Demographic item Frequency | Percentage 
Combined

Nursing 112 (62.9)
Early Childhood Educator 66 (37.1)

Table 1e. Age

Demographic item Frequency | Percentage 
Combined

18-25 years 121 (68.8)
26+ years 55 (31.3)
Missing 2 (1.1)

Table 1f. Gender

Demographic item Frequency | Percentage 
Combined

Woman 144 (81.4)
Man 28 (15.8)
Non-binary | gender non-
conforming

3 ( 1.7)

Missing 3 ( 1.7)

to identify statistically significant differences between specific 
groups. Demographic and descriptive statistics were used to 
compare the experiences of different groups of students.

Procedure
Five subscales were included on the survey and measured 
specific items about genAI: awareness and understanding (six 
items); experience and usage (eight items); perceptions and 
attitudes (seven items); skills, education, and training (seven 
items); and future expectations (five items). Respondents 
rated their agreement on a 5-point Likert scale ranging from 
1 (strongly disagree) to 5 (strongly agree). Surveys were 
administered to eligible students in October 2024 through the 
registrar’s office via student email.

Sample
Since this was a pilot study, two specific programs were 
selected for recruitment and were obtained from a large 
polytechnic Canadian institution. The convenience sample was 
obtained after emails were sent to all eligible learners  
(N = 2341) as identified by the Registrar’s Office. Early 
Childhood Education (ECE) (n = 66) and nursing (n = 112) 
learners were recruited, for a total response rate of 178 
students. Most learners were full-time, studying in diploma 
programs, in their first year of studies, enrolled in nursing 
studies, and female. Among the demographic variables 
examined, the only statistically significant difference between 
the two groups was the level of study, with nursing reporting 
higher rates of undergraduate studies (42%) compared to their 
ECE counterparts (12%) (p<.001). Participants were permitted 
to withdraw from the study without fear of reprisal. All data 
completed before opting to leave the survey was used in the 
analysis.

Analysis
The statistical tool employed for analysis was IBM’s Statistical 
Package for Social Science (SPSS) version 29.0.2.0. The 
reliability of the adapted survey was examined, yielding an 
overall Cronbach’s alpha of .90 (Table 2). All subscales reported 
at or above .70 and met acceptable reliability standards (Taber, 
2018).

Findings
Analysis of the Responses from the 
Combined Study
Of the original sample (n = 178), 133 participants provided 
full survey responses. Of these, 90 were enrolled in nursing 
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 Table 2. Subscale Reliabilities for Student Survey 
Artificial Intelligence

Subscale Reported Cronbach Alpha
Awareness and 
Understanding of AI

.80

Experience and Usage with 
AI 

.85

Perceptions and Attitudes 
toward AI

.70

AI-related skills and 
Educational Exposure to AI

.77

Expectations regarding AI .74

programs, while 43 were early childhood education students. 
The findings for each subscale from this combined sample are 
reported below.

Approximately 40% of students reported laptops as their 
primary technology device, while nearly 30% identified 
smartphones as the second-most-frequently used device. 
A majority (74%) of the combined sample (n = 133) were 
uncertain or did not agree that they felt capable in using genAI 
(M = 2.80, SD = 1.15).

Awareness and Understanding of AI
Most learners reported limited engagement with genAI-
related information and practices. Specifically, 91% 
indicated they were uncertain or did not regularly follow news 
or updates about genAI, and 89% did not discuss genAI-
related issues with peers. While most learners (83%) were 
aware of institutional expectations regarding genAI use in 
coursework, a substantial proportion expressed uncertainty 
about practical application, with 77% not knowing how to 
use prompts to obtain academic responses, and 74% not 
believing they could write an effective prompt. Furthermore, 
63% were uncertain or lacked confidence in evaluating genAI-
generated outputs. Knowledge gaps extended to foundational 
concepts, with 90% uncertain about how algorithms function 
and 82% unsure which genAI tools to use for academic tasks 
(See Table 3). 

Experience and Usage of AI
A substantial proportion of learners reported limited 
integration of AI into their academic practices. Ninety percent 
indicated uncertainty or infrequent use of AI applications 
in coursework, and 87% were uncertain or did not perceive 

AI tools as essential for academic success. Regarding 
academic integrity, 46% were uncertain or disagreed that 
they consistently acknowledged AI use in their work, and 36% 
were uncertain or disagreed about the necessity of verifying 
the validity and accuracy of AI-generated responses. As well, 
58% expressed uncertainty or disagreement that AI had a 
positive impact on their learning experiences. Nearly three-
quarters (75%) reported being uncertain or lacking knowledge 
on how to construct effective prompts and evaluate AI 
outputs. Finally, 89% stated they refrained from using AI in 
academic work when its use was not permitted (see Table 3).

Perceptions and Attitudes Towards AI
Learners expressed uncertainty regarding ethical, legal, and 
societal implications of genAI. In fact, 75% were uncertain 
or did not believe there were issues with genAI’s adherence 
to copyright laws, and 63% reported similar uncertainty 
regarding its impact on personal privacy. Fewer learners 
(36%) were uncertain or did not believe that AI would enhance 
creativity and innovation. Trust in AI-generated information 
was notably low, with 71% uncertain or lacking confidence in 
its accuracy, while 30% felt uncertain or unconcerned about 
its ethical use. Furthermore, 80% were uncertain or disagreed 
that genAI could reduce human biases. Perceptions of genAI’s 
influence on job security were mixed, with 36% reporting 
uncertainty and 43% expressing concern. With educational 
benefits, 44% were uncertain about their skepticism toward 
genAI, and 26% explicitly reported skepticism (see Table 3).

Skills, Education, and Training
A considerable proportion of learners indicated limited 
interest or uncertainty regarding genAI integration in their 
education. Specifically, 72% reported being either unsure 
or uninterested in receiving genAI-related training with 
their coursework, with 69% expressing comparable views 
about accessing genAI-related resources provided by the 
polytechnic institution. An equivalent percentage of learners 
also reported uncertainty or disagreement with the statement 
that their current curriculum lacked exposure to genAI. An 
overwhelming number of students (95%) were uncertain or 
disagreed that their teachers encouraged their use of genAI 
in their academic work. Seventy-nine percent of learners 
reported uncertainty or disagreed that they were seeking 
opportunities to learn more about genAI with 91% feeling 
uncertain or in disagreement that the polytechnic offered 
adequate genAI training opportunities (see Table 3).
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 Table 3. Subscale Descriptive Statistics
Table 3a. Awareness and Understanding of AI

Subscale (Items) Mean Standard Deviation
I regularly follow updates on AI 2.10 1.19
I discuss AI topics with classmates 2.02 1.12
I know the expectations for AI use in my class 4.18 1.22
I know how to prompt AI to get answers for my course work and 
assignments

2.48 1.25

I know how algorithms work in AI 2.02 1.27
I know which AI to use for my academic work 2.17 1.28

Table 3b. Experience and Usage of AI

Subscale (Items) Mean Standard Deviation
I regularly use AI apps in my courses 1.89 1.21
AI tools are essential for my academic success 1.95 1.21
I always acknowledge the use of AI in my academic work 2.88 1.45
I feel it is necessary to verify the validity and accuracy of the 
responses that AI generates

3.74 1.41

I know how to write an effective prompt 2.68 1.26
I know how to evaluate AI outputs 2.56 1.28
AI has positively affected my learning experience 2.59 1.30
I use AI in my academic work even when it is not permitted 1.35 .80

Table 3c. Perceptions and Attitudes Towards AI

Subscale (Items) Mean Standard Deviation
I worry that AI may not adhere to copyright laws 3.29 1.34
I worry about AI impacting privacy 3.41 1.40
AI can enhance creativity and innovation 3.14 1.54
I trust AI to provide accurate information 2.32 1.10
The ethical use of AI is a concern for me 3.31 1.28
AI has the potential to reduce human biases 2.78 1.13
I have concerns about AI’s impact on job security 3.32 1.24

Future Expectations of AI
Nearly 60% of learners either disagreed or expressed 
uncertainty about genAI becoming an essential part of most 
professions. Furthermore, 35% were uncertain whether genAI 
would play a significant role in their own profession, while 
22% believed it would not. Approximately 23% of learners 
reported uncertainty regarding whether genAI would negatively 
impact human creativity, while 55% expressed concern about 
potential effects. Likewise, a greater proportion of learners 

reported concern about genAI’s long-term societal impact 
(38%) compared to those who felt uncertain (25%). More 
specifically, learners worried about the unforeseen risks that 
unregulated genAI carried (52%) (see Table 3).

Mann Whitney U Test Results for 
Significant Findings
Six items across the five subscales showed statistical 
significance between nursing and ECE students. The 
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Table 3d. Skills, Education, and Training

Subscale (Items) Mean Standard Deviation
I am interested in formal training in AI through coursework 2.75 1.34
I am interested in receiving formal training in AI through 
resources available at Humber

2.80 1.78

My curriculum lacks adequate exposure to AI 2.89 1.20
My Humber teachers encourage the use of AI in coursework 1.78 .98
I am actively seeking opportunities to learn more about AI 2.36 1.25
Humber offers adequate AI training opportunities 2.22 1.79
I am skeptical about the benefits of AI in my education 2.92 1.15

Table 3e. Future Expectations of AI

Subscale (Items) Mean Standard Deviation
AI will become an essential part of most professions. 3.14 1.27
I worry about AI negatively affecting human creativity 3.57 1.33
I have concerns about AI’s long-term societal impact 3.62 1.24
Unregulated AI development may lead to unforeseen risks 3.76 1.27
AI will play a significant role in my future career 2.56 1.24

statistically significant items and their corresponding effect 
sizes are reported here so that the existing differences can 
be noted along with the magnitude of such differences. 
Mann Whitney U tests were employed to examine differences 
between groups, allowing for the assessment of statistical 
significance for items within each subscale (p values). Effect 
sizes were assessed using Cohen’s criteria with r=.1 (small 
effect), r=.3 (medium effect), and .5 (large effect) (Cohen, 
2002). 

Regarding student experience and usage of AI, both groups 
indicated disagreement with the statement that they regularly 
used genAI applications in their coursework, however, 
ECE students expressed a stronger level of disagreement 
compared to nursing students. A Mann-Whitney U test 
revealed significant difference between nursing and ECE 
students with the regular use of applications in coursework, 
p<.021 and a small effect size of r=.2. 

Within the perception and attitudes subscale, nursing 
students tended to disagree with the statement that genAI 
has the potential to reduce human biases (p<.03), whereas 
ECE students were more likely to express uncertainty. The 
differences on this item had a small effect (r=.20). Within 
the skills, education, and training subscale, both groups 

generally disagreed with the statement that they actively 
sought opportunities to learn more about genAI, with ECE 
students reporting significantly stronger disagreement than 
nursing students with small effect (p<.05, r=.05).

Regarding future expectations, nursing students were 
uncertain about genAI becoming an essential component 
of most professions, while ECE students were more likely to 
disagree (p<.008, r=.23). Similarly, both groups disagreed 
that genAI would play a significant role in their own careers, 
with ECE students expressing stronger disagreement 
compared to nursing students with small effect (p<.018, 
r=.20).

Discussion
The findings reveal substantial gaps in learners’ awareness, 
confidence, and practical engagement with genAI tools. 
Despite widespread access to technology, where laptops and 
smartphones were the most frequently used devices, a large 
number of learners reported uncertainty or disagreement 
regarding their capability to use genAI effectively. This aligns 
with prior research indicating that technological access does 
not necessarily translate into digital competence (Redecker, 
2017).



MIRON, J. & KENTH, N.   (2026)54

Awareness and Understanding
The majority of learners demonstrated limited engagement 
with genAI-related information and practices, with a large 
number not following genAI news, nor discussing genAI issues 
with peers. These findings echo studies suggesting that low 
exposure to genAI concepts contributes to misconceptions 
and ineffective or underutilized use of genAI for learning 
(Luckin et al., 2016). Significant uncertainty regarding prompt 
creation and algorithmic understanding underscores the need 
for foundational AI literacy within curricula with opportunities 
for threading or scaffolding literacy to increase learner 
sophistication with genAI use (Holmes et al., 2022).

Experience and Usage
Learners reported minimal integration of genAI into academic 
work, with a large proportion indicating infrequent use and 
not perceiving genAI as essential for their academic success. 
The reluctance may stem from ethical concerns and lack 
of confidence in evaluating genAI outputs, consistent with 
literature emphasizing the importance of critical genAI 
evaluations skills (Zawacki-Richter et al., 2019), although 
learners in this study reported uncertainty about copyright 
and ethical concerns related to genAI. Uncertainty related 
to acknowledging genAI use does raise academic integrity 
considerations and concerns about honest ethical use of 
genAI to complete academic work.

Perceptions and Attitudes
Learners expressed skepticism toward genAI’s ethical and 
societal implications, with a larger proportion noting they 
felt uncertain or disagreed that genAI would reduce human 
bias. These attitudes mirror broader debates on algorithmic 
fairness, bias, and transparency (Floridi & Cowls, 2019; Liu & 
Bates, 2025). Addressing these perceptions through targeted 
education on ethical principles related to the use of genAI, 
may help mitigate misconceptions and support the ethical 
and honest use of genAI to support learning.

Skills, Education, and Training
Both groups disagreed that they actively sought opportunities 
to learn more about genAI, with ECE students reporting 
stronger disagreement than their nursing counterparts. This 
is consistent with their reports that they are not reading 
about genAI or talking about genAI with classmates. This 
lack of initiative suggests that passive approaches to genAI 
education may be insufficient. Literature advocates for 
proactive strategies such as embedding genAI literacy into 

curricula and offering experiential learning opportunities 
guided by instructors with genAI competence (Luckin et al., 
2016, UNESCO, 2021). It is important to note that learners 
perceived little support from their instructors in using genAI, 
which may have influenced their responses.

Future Expectations
Nursing students were more uncertain about genAI becoming 
essential in most professions than their ECE counterparts. 
Similarly, both groups doubted genAI’s role in their own 
careers with ECE students expressing stronger disagreement. 
These findings indicate a disconnect between student 
perceptions and industry trends, as genAI is projected to 
influence diverse sectors (Brynjolfsson & McAfee, 2017). 

As in the Teng et al. (2022) study, the findings from this study 
reveal a gap in learners’ awareness and understanding of 
genAI. Despite learners’ reports of their institution’s clarity 
on genAI usage, learners reported low confidence in using 
genAI tools, writing effective prompts, evaluating outputs, 
and understanding algorithms. These findings underscore 
the need for targeted educational interventions, including 
a focused integration of AI literacy efforts in the curriculum, 
opportunities for peer collaboration and genAI-focused 
dialogue, and reinforcement of institutional guidelines for 
the ethical use of genAI. AI literacy has become an important 
issue to consider with the rapid integration of genAI across 
industries, including business, healthcare, and education 
and the recognition that it is an “integral part of a digital 
ecosystem” (Biagini, 2025, p. 2). The dangers of interacting 
with genAI in an uninformed way create risks to its ethical 
use as we consider privacy, biases, surveillance, access, 
and accuracy of content so AI literacy becomes as important 
as other literacy skills. AI literacy must encompass a set 
of competencies that extend beyond technical proficiency 
toward a capacity for critical evaluation and a deeper 
appreciation for the societal implications of genAI. A 
multidimensional approach helps to ensure that engagement 
with genAI is informed, current, responsible, and aligned 
with professional and ethical standards. Embedding AI 
literacy into curricula is essential for fostering informed 
and discerning users. An t online educational module for 
students has been created at the host institution, which 
covers essential content related to genAI, like foundations of 
AI tools, implications of AI use for studies, work, daily life, and 
strategies for the responsible use of AI (Humber & Humber 
Guelph Library, n.d.). The module, created through Library 
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Services, allows learners the convenience of completing 
content at their own pace in a virtual manner. Currently, some 
programs provide this learning opportunity to learners within 
their programs. This is a great example that meets a learner 
AI literacy need but should be adopted in a more deliberate 
manner across the whole institution.

The data indicates that learners do not regularly use genAI 
applications in their coursework and do not perceive these 
tools as essential to their academic success. Learners 
expressed uncertainty about acknowledging genAI use 
in academic work, while simultaneously recognizing the 
importance of verifying the accuracy of AI-generated 
content. These findings suggest a complex relationship 
between student perceptions, ethical considerations, 
and practical engagement with genAI technologies. It is 
important that educators promote the value of genAI as a 
learning enhancement tool so that students receive guided 
and focused opportunities to work with genAI. Structured 
hands-on training with genAI tools through simulation-
based opportunities could provide meaningful, practical 
experiences. Learners shared that they do not consistently 
acknowledge using genAI in their academic work, so that 
its ethical use should be embedded into instruction with 
expectations that are clearly explained and discussed (Zhang 
et al., 2024). This could be because of the hesitancy to use 
such applications and may improve with more exposure and 
supported experiences in exploring genAI capabilities in their 
learning.

Data from this study revealed a complex, cautious perspective 
among learners regarding the integration of genAI in 
educational contexts. While they expressed moderate 
uncertainty about genAI’s adherence to copyright laws, its 
impact on privacy, and its potential to foster creativity and 
innovation, they had a notable lack of trust in genAI’s accuracy 
and skepticism about its ability to reduce human biases. 
These findings align with broader concerns in the literature, 
suggesting implications for educational practice and policy. 
Uncertainty about copyright laws is noted in recent academic 
discussions and highlights the risks of genAI training lending 
to unintentional reproduction of copyrighted material (Zhou et 
al., 2024). Educators should incorporate explicit instruction on 
intellectual property rights and what ethical, responsible use 
of AI-generated content looks like. It is important to consider 
findings in this study with learners who, like students in the 
Guillén-Yparrea and Hernández-Rodríquez (2024) study, 

noted negative attitudes from their instructors about the 
use of genAI in their academic work. Instructor professional 
development must be considered and run in tandem with 
the work initiated with learners so that approaches to genAI 
use are more positive and grounded. Negative instructor 
perspectives and approaches to genAI may be affecting the 
learners in this study and influencing their lack of interest 
in instruction about genAI by the home institution or their 
instructors. Learners in this study were unsure about privacy 
issues as they related to the use of genAI. Informed concerns 
related to personal privacy reflect a growing awareness of how 
genAI systems collect and process user data. It is a concern 
that learners remain uninformed or unaware of such issues. 
The use of genAI in education must be accompanied by 
robust data governance policies that prioritize learner consent 
(Holmes & Tuomi, 2022). Institutions should adopt genAI 
tools that comply with privacy regulations to ensure learners 
are informed about how their data is used. Enterprise adopted 
applications that protect learners as they employ genAI is one 
approach that may support their learning and provide less 
risk to their usage of such applications. Unlike the students 
in the Wang et al. (2023) study, learners were also uncertain 
about genAI’s role in enhancing creativity and innovation and 
while Luckin et al., (2022) suggest AI can support creative 
processes, others caution that over-reliance on genAI may 
stifle original thinking. Educators could address this by 
positioning genAI as a co-creative partner–encouraging 
students to use genAI with critical reflection and revision. Low 
learner scores related to trust in genAI’s accuracy indicate 
skepticism. Selwyn (2023) notes that systems can produce 
plausible but incorrect information, so that learners should 
be taught to critically evaluate the veracity of genAI outputs 
and cross-reference findings with credible sources. Learners 
were unsure about the ethical implications of genAI and did 
not agree genAI would reduce human biases. Although this 
study did not examine instructors’ perspectives on the ethical 
use of genAI, the uncertainty expressed by learners aligns 
with findings reported by Hashish et al. (2025). These findings 
underscore the need for ethical education that addresses 
algorithmic bias, fairness, and accountability as just a few 
of the topics for concern and consideration. Case-based 
learning and discussions on real-world genAI failures can 
help learners understand the limitations and responsibilities 
associated with genAI use (Williamson & Eynon, 2020). 
Learners expressed uncertainty about genAI’s impact on 
job security, which may reflect broader societal anxieties 
about automation and workforce displacement. Institutions 
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should respond by emphasizing the development of genAI-
resilient skills such as critical thinking, ethical reasoning, 
and adaptability (OECD, 2021). Framing genAI as a tool or 
digital assistant that augments rather than replaces human 
capabilities is an important effort to include in teaching—
learning settings. Unlike the learners in Rony et al.’s (2025) 
study, and despite the growing relevance and need for genAI 
literacy in both professional and academic contexts, learners 
in this study reported low interest in formal training, with 
limited awareness of existing institutional resources, and 
minimal encouragement for genAI usage from instructors. 
This might suggest a disconnect between the potential of 
genAI usage in education and its perceived value among 
learners at the host institution. Learners were not interested 
in receiving formal genAI training through their coursework or 
through institutional resources. Zawacki-Richter et al. (2019) 
noted that students often view genAI as a peripheral to their 
core studies unless it is directly linked to their discipline. 
Institutions should embed genAI education within discipline-
specific contexts. Learners’ sense that the institution did not 
offer adequate genAI training opportunities, and its use was 
not encouraged by instructors, demonstrates critical barriers 
to the successful adoption of genAI in learning. Instructor 
modeling of genAI influences successful student adoption 
in learning environments (Chiu et al., 2023). Therefore, 
professional development programs should equip instructors 
with the skills and confidence to integrate genAI tools into 
their teaching practices, with the aim of normalizing their use 
and demonstrating their educational value. Interestingly, 
learners disagreed that their curriculum lacked exposure 
to genAI, suggesting that genAI may already be present but 
not clearly communicated or recognized. The disinterest of 
learners in this study to seek opportunities to learn more 
about genAI or talk about it with others may indicate a lack 
of confidence or perceived relevance in its use. Informal 
learning environments, including peer-led workshops and 
learner discussion forums, may foster curiosity and reduce the 
intimidation factor associated with formal training (Akgun & 
Greenhow, 2022). Such settings may allow students to explore 
genAI in a low-pressure, collaborative context. Learners in 
this study did not feel skeptical about the benefits of genAI 
in education, which may present an opportunity. Institutions 
can leverage this positive attitude by showcasing real-world 
examples and success stories where genAI has enhanced 
learning outcomes. Storytelling and case-based learning 
are powerful tools for building interest and trust in emerging 
technologies (Williamson & Eynon, 2020).

There is evidence to support the notion that genAI is playing 
a transformative role across many sectors, including 
business, healthcare, and education, to name a few. It has 
been described as the Fourth Industrial Revolution, so it 
is the responsibility of those in HE to adapt and prepare 
graduates to contribute in a meaningful way to genAI-driven 
work environments (Al-haimi et al., 2021). The findings in 
this study reveal a degree of uncertainty among learners 
regarding the role of genAI in their future careers and its 
broader social implications. Unlike the learners in the Teng et 
al. (2022) study, learners were unsure whether genAI would 
be essential in their professions, whether it would negatively 
affect human creativity, and expressed uncertainty about its 
long-term social impact. They were less confident that genAI 
would play a significant role in their future careers. These 
findings align with broader concerns in the literature about the 
ethical, creative, and regulatory dimensions of genAI. GenAI 
use raises questions about the erosion of human skills such 
as creativity, empathy, and critical thinking (Hu et al., 2024). 
The uncertainty expressed by learners may reflect a lack of 
exposure to genAI’s real-world applications and the absence 
of structured opportunities to critically engage with its 
implications. Apart from case-based scenarios, as previously 
discussed, work integrated learning experiences are an 
important part of professional studies and will help learners 
to appreciate how genAI is reshaping operations, decision-
making, and innovation in real-time situations. Creating work 
integrated learning opportunities along with interprofessional 
learner opportunities, facilitated through instruction, may 
also support learners to appreciate and develop skills to help 
them navigate ethical dilemmas, collaborate with intelligent 
systems, and adapt to rapidly evolving technologies in a way 
that is collaborative and helpful in work settings.

Limitations
The pilot nature of the study resulted in a relatively small 
number of participants (n = 178, 133 complete responses), 
and uneven representation between ECE (n = 43) and 
nursing (n = 90) students. This limits the generalizability 
of the findings and increases the possibility that results 
may reflect program-specific dynamics rather than broad 
student perspectives. Survey data were collected entirely 
through self-reported measures, which are subject to social 
desirability or recall bias. These factors may have influenced 
students’ assessment of their familiarity, comfort, and 
attitudes towards AI. While the survey provided valuable 
insights, the depth and detail of responses could be elevated 
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through qualitative feedback, to further explore significant 
variations in responses. Additionally, while the survey aimed 
to explore students’ perceptions towards AI, it could be 
strengthened by incorporating questions regarding student 
recommendations for support, training, or future steps to 
improve overall AI knowledge and interactions. 

Recommendations
While this study sought to learn more about learners’ 
perspectives on genAI in their academic experiences, it is 
important to consider and highlight recommendations that 
describe how instructors can support learners in their quest 
to use genAI in an ethical way to support their learning. 
Instructors play a pivotal role in shaping learners’ genAI 
literacy and guiding them toward ethical and informed 
use of genAI. This responsibility extends beyond technical 
proficiency to include fostering critical thinking, academic 
integrity, and responsible engagement with genAI tools and 
content. To achieve these goals, institutions must prioritize 
structured professional development that equips instructors 
with both the technical and pedagogical competencies 
needed to integrate genAI into teaching and learning in 
ways that preserve educational integrity and enhance 
learning outcomes (Holmes et al., 2022; Liu & Bates, 2025). 
Professional development should include targeted programs 
that meet the changing needs of instructors to include 
competency in using various applications; understand ethical 
considerations like bias, privacy, copyright, and academic 
integrity; and pedagogical strategies that will help instructors 
incorporate genAI to support and enhance learning while 
preserving human skills and abilities (Luckin et al., 2016). 
Instructors should also model responsible genAI use in 
their own teaching practices, demonstrating transparency 
and ethical decision-making. This modelling reinforces 
institutional values and sets clear expectations for learners 
(Zawacki-Richter et al., 2019).

Institutions must provide clear, transparent policies on 
acceptable genAI use that are sensitive to change and need. 
These policies must balance innovation with safeguards for 
academic integrity, aligning with existing frameworks such 
as the CRAFT model (culture, rules, access, familiarity, trust) 
proposed by Liu and Bates (2025).

Curriculum must have genAI thoughtfully and purposefully 
integrated with AI ethics through case studies, scenario-
based learning, critical discussions, learning modules, 

specialty sessions, communities of practice, and other 
educational endeavours. These kinds of educational 
approaches will help meet learners needs around structured 
activities for learning while offering scaffolded opportunities to 
build knowledge, judgment, and ethical competencies around 
navigating increasingly complex genAI-enhanced academic, 
professional, and societal environments.

It is important that institutions create spaces for dialogue for 
learners and instructors. GenAI ambassador programs, peer-
to-peer workshops, and co-designed learning experiences can 
foster cultures of shared responsibility and ethical engagement 
with AI (Liu & Bates, 2025). Offering micro-credentials and 
certifications that emphasize AI literacy, knowledge and 
content related to ethical use, and critical thinking skills 
can enhance learner capabilities andconfidence, as well as 
signal readiness for a genAI-driven workforce (Brynjolfsson & 
McAfee, 2017; Redecker, 2017). 

Conclusion
Gains have been made since the initial introduction of 
genAI into the mainstream in 2022. It is important for the 
educational sector to continue to explore and challenge our 
ways of thinking and teaching to include genAI so that our 
students continue to learn and engage with it in meaningful 
ways. Approaching its adoption as a shared responsibility 
will support our responses to be more proactive rather than 
reactive. In turn, this will support a proactive, ethical, and 
informed integration that supports learning while preserving 
academic integrity and its honest use.

Importantly, because this study involved early childhood 
educator and nursing students, two groups whose future 
practice directly affects potentially vulnerable populations, the 
insights gained offer substantial practical value. Embedding 
genAI and AI ethics into their education will strengthen their 
ability to critically evaluate genAI information, help them to 
continue to learn, and build their ability to make ethically 
sound decisions with the use of these emerging technologies 
within childcare and healthcare contexts. As these learners 
transition into professional roles, such preparation will 
enhance their capacity to support safe, equitable, and 
informed genAI use in their respective fields, ultimately 
improving outcomes for children, families, patients, and 
communities they will receive their care. 
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